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m Various aspects are emphasized, e.g., incremental reasoning
(Stream Reasoning Workshop)

m Streaming data

¢ Data comes and goes - only recent data matters
¢ Need to cope with data volume

m = Limit reasoning to small windows

e Time-based windows
e Tuple-based windows ...

m Stream § = (T,v)

e Timeline T closed interval in N, 7 € T time point
« Evaluation function v : T — 24 (sets of atoms)

m Window function w yields window w(S,7) C §
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Equivalent Stream Reasoning Programs

Goal
m Towards optimization:
When are two LARS programs equivalent?
m Semantic characterizations for suitable notions of equivalence

m = Do techniques from ASP carry over to LARS?
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Results

m Semantic characterizations of equivalences by means of models
in Bi-LARS (left/right stream)

¢ Monotone fragment: Generalization of logic of Here-and-There

« Non-monotone fragement more involved

m Notions of equivalence for stream reasoning

e Strong / Uniform / Data Equivalence

m Complexity of deciding eq.: similar to ASP (mostly coNP-c.)
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